
OTHERING ACROSS TIME: 
MEASURING RADICAL 

POSTING TRAJECTORIES 
ONLINE

February 28, 2018

, PhD
Horizon Postdoctoral Research Fellow 

Project SOMEONE, Concordia University

Ryan Scrivens, Garth Davies & Richard Frank, Simon Fraser University



Oppositional forces (e.g., 
competing for X)

= collective 
identity)



Oppositional forces (e.g., 
competing for X)

= collective 
identity)

IN-
GROUPS

OUT-
GROUPS

• Shared values and interests
• Develop through interactions 

with like-minded others and 
oppositional forces

• Opposing values and 
interests

• Competing for X



• Groups’ shared values and interests, which 
develop through interactions with: 
1. Like-minded others (specific and 

controlled) 
2. Oppositional forces (e.g., competing for X)

= and )



, especially right-wing extremist 
(RWE) forums, facilitate othering
• Cheap/fast/convenient communications

• “Us” versus “them” dynamic in RWE spaces 
• “Hornet’s nests”, “lone wolf incubators”, and 

“echo chambers of hate” 

• Research has not this over time



Develop risk indicator tools/algorithms

Measure levels of radicalization

Rich description of othering, collective 
identity, and polarizing spaces







124,058 posts, 7,014 users, ~15 yrs

• How does radical right-wing posting behaviour transpire and 
evolve over time?
 How does (1) anti-Semitic, (2) anti-Black, and (3) anti-LGBTQ posting 

behaviour transpire and evolve over time?

adapts criminal 
career measures and semi-parametric group-based modeling



ERRORISM &
XTREMISM
ETWORK
XTRACTOR



Identify 



e.g., ‘kike’, ‘shylock’, ‘Jew’
e.g., ‘nig’, ‘coon’, ‘Blacks’

e.g., ‘homo’, ‘fag’, ‘gays’

287 words
1,254 words

309 words



e.g., ‘kike’, ‘shylock’, ‘Jew’
e.g., ‘nig’, ‘coon’, ‘Blacks’

e.g., ‘homo’, ‘fag’, ‘gays’

• Identified 
with which authors 
posted with 
keywords

• Found point of 

in 
distribution graph

**Calculate average point 
of diminishing returns



Determine 
authors’ 
around keywords 
by creating 
sentiment scores. 
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- Established software
- Free to use for research
- Numerous languages



Message 
ID: 4

Message 
ID: 3

Message 
ID: 2

Message 
ID: 1

- Analyzes sentiment 
surrounding assigned list 
of keywords 

- Assigns 
to those keywords



Message 
ID: 4

Message 
ID: 3

Message 
ID: 2

Message 
ID: 1

- Analyzes sentiment 
surrounding assigned list 
of keywords 

- Assigns 
to those keywords



Message 
ID: 4

Message 
ID: 3

Message 
ID: 2

Message 
ID: 1

STEMMING 
METHOD

STEMMING 
METHOD

I love my 
[3], 

[3], and 
[3] friends

[sentence: 9]

I love my 
[3], 

[3], and 
[3] friends

[sentence: 9]

I want to kill
every single 

[-59] in 
the entire 

world
[sentence: -59]

I want to kill
every single 

[-59] in 
the entire 

world
[sentence: -59]

Sentiment scores 
are by 

characters that 
influence values 

(e.g., booster words, 
negative words, 

punctuation, etc.)
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Author A – Post 1

Post 2

Post 3

…
Post 99
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How do we identify 

posting behaviour
online? 

1.) Relative sentiment 
score (10 points)

2.) of negative posts 
(10 points)

3.) of negative posts 
(10 points)

4.) of negative posts 
(10 points)

• Volume of activity increases 
chances of reaching and 
communicating with more people

• Language is power: clarity, 
assertive, direct, and intensity 
(emotion) of language

• Time spent in a particular 
setting shows level of 
commitment

(Blumstein et al., 1986)

• Provides a reference point in which to gauge levels of 
radical engagement online (measurement tool)

chronic from non-chronic radical authors



radical score
time (month)

Authors’ first anti-___ 
post 



• Identifies distinct of 
groups sharing similar patterns 
over time

• Identifies radical posting 
behaviour across time



1. Bayesian Information Criterion (BIC)
2. Odds of correct classification (OCC)  
3. 95% confidence interval extension 



Table 1. Descriptive information of the sample (n = 7,014)

• Most discussions were about Jews; targeted at highest volume
• Discussions about LGBTQs were most negative and over longest time
• Outliers accounted for large proportion of variation

• Most discussions were about Jews; targeted at highest volume
• Discussions about LGBTQs were most negative and over longest time
• Outliers accounted for large proportion of variation

• Most discussions were about Jews; targeted at highest volume
• Discussions about LGBTQs were most negative and over longest time
• Outliers accounted for large proportion of variation



• 99.39% (n = 1,631)
• Linear (low-stable)

• 0.61% (n = 10)
• Cubic (high-fluctuate 

chronic)

• 98.86% (n = 1,566)
• Cubic (low, rapid increase)

• 1.14% (n = 18)
• quadratic (high-moderate 

desister)

• 99.12% (n = 903)
• Linear (low-stable)

• 0.88% (n = 8)
• quadratic (explosive-

moderate desister)
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• 99.12% (n = 903)
• Linear (low-stable)
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• quadratic (explosive-

moderate desister)

• Follow a low-level chronic posting trajectory (slow and steady)
• Tail off of anti-Semitic/Black/LGBTQ behaviour; slowest for anti-Semitic

• Anti-Semitic trajectory: has no desister group
• Anti-LGBTQ trajectory: quickly becoming the most radical
• Small group of desisters: explosive onset but “cool off” at half-way point



• How does radical right-wing posting behaviour transpire and 
evolve over time? 

• Identify group-level trajectory patterns for 
on a RWE forum over time

sentiment (collective identity)

• Levels of othering: Jews ( ) and LGBTQs ( )
• Levels of othering increases over time

most stable over time ( )
most explosive & intensifying ( )



• Include other adversary groups and larger lists of words 
• Control group: random sample from other sub-forums

• Limited to one sub-forum

• Examine posting activity of short-term posters
• Change the IV from month to week or day



• Keywords are assumed to be radical
• Word frequencies or re-calibrate sentiment analysis

• Include SNA metric into algorithm:
• Authors using specific set of words, clustering around authors
• Identify opinion leaders and analyze their network

• Treats the collective identity of RWE as a single entity
• Discussions around heroes, martyrs, folklores, groups and 

family



• Rich with information about how movement adherents 
communicate, as well as their radical identities and target 

• Overcoming to identify radical 
content online (needle in a haystack)
• Important to understand the online space under review

• Computer science and social science approaches
• Draw from the strengths of both disciplines 
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